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(A) Prediction of Formulation Conditions (B) Prediction of L:G Ratios from PLGA Formulations
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Fig 1: Microparticles of formulations in the dry state and after exposure to a semi- Regressor network (ANN) - -

solvent liquid at 0°C for 1 min and details of previous work in the QR code [1]
Table 1: Different machine learning (ML) algorithms were applied (A) to predict the formulation conditions
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